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1. Poap qucuuminHbl < MHTE/UIEKTYAJIBHBIN AHAJIU3 Web-TaHHBIX)):

JJIEMEHT . CocTraBasioimue pe3yjabTaTOB 0CBOCHUS
. Kon UHAUKATOPHI JOCTHKEHUA KOMIICTCHIIUH .
o0pa3oBaTe/IbHOU (JecKpUMInTOpPbI KOMIIETEHIINH)
Cemec | KOMIIeTEHIIH HaumeHoBaHue . :
IMPOrpaMMblI Koz
P | KOMIIeTEHIIUH HauMeHOBaHHE HHAMKATOPA
(AMCUMIIIMHA, HHIUKATO Kon HauMmeHnoBanue
TOCTHKEHU S
npaktuka, I’ MA) pa
Croco0en OTIK(Y) Biageer onbITOM IporpaMMHOU
pa3padaThIBaTh > 1RI peaan3aluyu aIrOpUuTMOB 00pPaOOTKHU
OpUI'MHAJIbHBIC | MPOCTPAHCTBEHHOM HH(MOpMAIIN
AJITOPUTMBI U
IporpaMMHEIE CPEJICTBA, Pa3zpabaTbeiBacT
B TOM YHCJIE C OpPUTMHAJIBHBIC AJITOPUTMBI U
NOIK | ¥ P
HCII0JIb30BAHUEM [IPOrpaMMHEIE CPEACTBA IJIs
OIIK(Y)- 2 (V)-2.1 porp P
COBPEMEHHBIX peIIeHU S Tpo(eCCUOHAIBHBIX
YMeEET IPUMEHATH aJITOPUTMBI
SLENTR P L et - OIIK(Y)- 00paOOTKH IMPOCTPAHCTBECHHbIX
TCXHOJIOTHUH, IJId 2.1¥1 NAHHBIX I PEILICHUS
peIlIeHU s npo(hEeCCUOHAJILHBIX 3a1a4
npodeCCUOHATbHBIX
HNHTEe/UIeKTYAIbHBIA 1 3amau
aHAJIN3 web-TaHHBIX OTTK(Y) 3HACT TEXHOJOIuM 00paOOTKHU
LY [IPOCTPAHCTBEHHOU U
| KapTorpa(uyeckon nHGpopmarmu
Cnoco0€eH UCII0JIb30BATh
METOJTBI H CPEJICTBA Bnangeer onsITOM MCIIOJIB30BAHUSA
CHCTEMHOM MHYKEHEPHH B CUCTEMHOU MHXKCHEPUU IJIS
00JIaCTH MOJY4YCHHUS, I Ippumenser 3HaHus OIIK(Y)- HPOCKITHPOBAHIA | pedJi>aliin
[epenaym, XpaHeHUsl, 1 OLIK TEXHOJIOTMM YIIPABJIICHUS U 6.1B1 MH(OPMALMOHHBIX TEXHOIOTHH
OTTK(V)-6 nepepadOTKU U | XPAHECHUS JAHHBIX IS [epesiain XpaHeHns 1 00padoTKy
(Y)- (¥)-6.1 JTAHHBIX
IpeaOCTABIICHUS peIIeHU S Tpo(eCCUOHAIBHBIX
MH(pOpMaINU 3a/1a4
[IOCPEJICTBOM
MH(POPMAITMOHHBIX OIIK(Y)- 3HaeT METOAKI OIIEHKY KauecTBa
TEXHOJIOIUU 6.131 [IPOTrPAMMHBIX IIPOIYKTOB




2. Iloxka3arTe/in u MeTOIBLI OLICHUBAHUA

Ili1annpyemMbie pe3yabTarhbl 00y4eHHUs 10 TUCIHILIHHE Koa mHaukaropa
JOCTHKCHUA
. HaumeHoBaHue pasjaeJia MeToabl OIEHUBAHUSA
KOHTPOJIUPYEMO i
Kox HaumMeHoOBaHMe TUCHUILIAHBI (OIeHOYHBbIE MEPONIPUATHS)
KOMIIETEHIIMHU (MJIH ee
YacTH)
I1 § Pasen L WA e 3Jarura OT4YeTa I10
OBOAHUTDb HAYUHbLIC UCCIICAOBAHWA, CBA3AHHBIC C OObBCKTAMU
P/l 1 POBOA b 8 1N.0OIIK (V)-2.1 WHTCIJICKTYaJIbHOIO aHaJiM3a o
npoh€CCUOHAILHOM JICATEIbHOCTH Ha60paTOpHOI/I paGOTe 1
web-1aHHBIX
e 3amuTa OT4YeTa I10
nabopaTtopHOU padoTe 2
- . Pas3nen 2. Marematudeckoe u | ® 3amura oT4yera 1o
CCJICOAOBATb U AHAJIM3UPOBATDH OOJIBIIINC JTAHHBIC, CO3/1dBATh UX w
il p 1 , CO3T aJITOPUTMHUUECKOE nadbopaTopHOM padoTe 3
P/l 2 | moxenu u HUHTEPHIPETUPOBATL CTPYKTYPHI JAHHBIX B TAKUX N.OIIK (Y)-6.1
obOecrieueHusl aHanu3a web- | e 3amuTa oT4YeTa MO
MOJIEJISIX
JTAaHHBIX nadboparopHol padote 4
e 3amuTa OT4YeTa I10
J1Ia0OPaTOPHOUN padoTe S

3. llIkaga ouneHuBaHuA
[Topssgok opraHu3anuy OLICHUBAHMUS PE3YIbTAaTOB OOYUYCHUS B YHMBEPCUTETEC PErJIAMCHTHUPYETCS OTACIBHBIM JIOKAJIbHBIM HOPMATHBHBIM aKTOM —

«Cucrema OLCHUBaHUS PE3yJIbTaTOB 00yuyeHUsI B TOMCKOM IOJUTEXHUYCCKOM yHUBepcuTeTe (CrucTemMa OLCHUBAHMS)» (B ACUCTBYIOIICH PEIAKIIVN).
Mcnonp3yeTcst 0aIbHO-PEUTHHTOBAsI CUCTEMA OLICHUBAHUS PE3YyJIbTAaTOB 00ydeHUs. MiTorosas oieHka (TpaaulMOHHAS U JUTCPHAS) 110 BUAAM Y4COHOU
nesatelibHOCTH (M3ydyeHue nucuuiuind, Y UPC, HUPC, kypcoBOo€ NpOCKTUPOBAHUE, IIPAKTUKH ) OIIPEACIISICTCSI CYMMOUN 0AJIJIOB O PE3yIbTaTaM TEKYILETO
KOHTPOJISI U MPOMEKYTOYHOM aTTECTAU (UTOTOBAsi pEUTUHIOBAs OIleHKA - MakcuMyM 100 OaioB).

PacripeneicHrne OCHOBHBIX M JIONOJHUTEIBHBIX OayIOB 3a OLCHOYHBLIC MEPOIPHUATHUS TEKYILIECTO KOHTPOJII M IIPOMEKYTOUYHOM AaTTECTALUU
YCTAHABJIMBACTCSA KAJICHIAPHBIM PEUTHUHI -ILIIAHOM JUCIIUILINHBI.

PGKOMCHI[yeMaﬂ HIKAJIA UIAd OTACIIbHbBIX OLICHOYHbBIX MCPOHPI/ISITI/Iﬁ BXO/JIHOI'O N TCKYLICT'O KOHTPOJIA

% BBINOJTHCHUSA CooTBeTCTBHE
OnpeaeseHue OleHKH

3aaHNA TPAAHIMOHHOHU OLlEHKE
90%+100% «OTIHYHOY OTJIMYHOEC NOHMMAHUE NPEAMETA, BCCCTOPOHHUE 3HAHUSA, OTJIMYHBIC YMEHUS U BJIAJCHUE ONBITOM IIPAKTHYECCKOU JICITCIbHOCTH,
HEOOXOAUMBIE PE3yabTaThl 00ydeHUs CHOPMUPOBAHBI, UX KAYECTBO OLICHEHO KOJIWYECTBOM 0aJUIOB, OJIM3KUM K MAKCUMAJIbHOMY
70% - 89% «XA0pOILIOY JloCTaTOYHO MOJIHOE MOHMMAaHKE MPEAMETA, XOPOIIXE 3HAHNS, YMEHHUS U ONBIT IPAKTHUYCCKOU JACATCILHOCTH, HEOOXOJIUMBIC PE3YJIbTAThI

00y4yeHUs C(POPMUPOBAHBI, KAYESCTBO HUA OJHOI'O M3 HUX HE OLICHECHO MUHHUMAJIbHBIM KOJIMYECTBOM OaJIJIOB




535% - 69% «Y TIOBJL.» [IpreMiaeMoe MOHMMAaHUE TIPEAMETA, YAOBICTBOPUTEIbHBIC 3HAHUS, YMECHHS U OIBIT NPAKTHYECCKOM JICSITEIbHOCTH, HEOOXOJUMBIC PE3YIILTATEHI
00y4ueHHs C()OPMHUPOBAHEI, KAYECTBO HEKOTOPHIX M3 HUX OICHCHO MHUHMMAaJIbHBIM KOJTHUYECTBOM OAJIJIOB
0% - 54% «Heynosii.» Pe3ynbTaTsl 00Y4EeHUsI HE COOTBETCTBYIOT MUHUMAJIBHO JTOCTATOYHBIM TPEOOBAHUSIM
LIkana g O1eHOYHBIX MEPOTIPUATHH DK3aMEHA
% BBINOJTHEHU S JK3aMeH, CooTBeTCTBHE
y s OnpenesieHue OLEHKH
3aJaHUHU DK3aMEHAa oaJL TPAAMIIMOHHOH OLIEHKE
90%+100% 18 =20 «OTINYHOY OTJIMYHOE IIOHUMAHUE MPEIMETA, BCECTOPOHHUE 3HAHMS, OTJIMYHBIC YMEHUS U BJIAJICHUE OIBITOM NPAKTUYECKOU AEATEIIbHOCTH,
HEOOXOIMMBbIE PE3YJIbTAaThl O0YYECHUSI CHOPMUPOBAHBI, UX KAYECTBO OLIEHEHO KOJIMYECTBOM 0aJI0B, OJIM3KUM K MAKCUMAILHOMY

70% - 89% 14 =17 «XOPOIIIOH» JlocTaTOYHO MOJIHOE MIOHUMAHME IIPEAMETA, XOPOILIME 3HAHUS, YMEHMS U OIBIT MIPAKTUUCCKON JCATCILHOCTH, HEOOX OJIUMBIC
pe3yJIbTaThl 00Y4YEHHUS CPOPMUPOBAHBI, KAYECTBO HU OJJTHOI'O M3 HUX HE OLICHECHO MUHHUMAJIbHBIM KOJIMYECTBOM 0aJIJIOB

535% - 69% 11 +13 «Y JIOBJL.) [IppueMiaeMoe MOHUMaHNUE NPEAMETA, YIOBICTBOPUTEIbHBIC 3HAHUS, YMEHHUS M ONBIT MPAKTUYCCKOM ICSATCIbHOCTH, HEOOXONMBIC
pe3yJbTaThl O0y4YEeHUS C(POPMUPOBAHBI, KAUECTBO HEKOTOPHIX U3 HUX OILICHEHO MUHUMAJIbHBIM KOJIMYECTBOM OAaJIJIOB

0% - 54% 0+ 10 «Heynosii.» Pe3ynbTaThl O0YYEHMs] HE COOTBETCTBYIOT MUHUMAJIBHO JOCTATOYHBIM TPEOOBAHUSIM

4. llepedyeHb THNOBBIX 3aJaHUH

OuneHoynble MEPONIPUATHS IlprMepbl THIOBBIX KOHTPOJIbHBIX 3aJaHUH

1. 3amura JadopatopHoi padoTel | Bonpoch:

1. Oomactu 3agad Web Content Mining.

OOnactu 3amau Web Structure Mining.

OoOnactu 3amay Web Usage Mining.

OOmume orpanndeHust Mojieau nHpopmarmoHHou nuddy3un «Herd Behaviory.
OO1ue orpaHudeHus Moaeau nHpopmamuoHHou i@ y3um «Information Cascadesy.
OO1ue orpaHudeHus Moaead nHpopmanuoHHon qtuddy3un «Diffusion of Innovationsy.
OO1ue orpaHudeHus MoAeId nH(popMmanuoHHOU qudPy3un «Epidemicsy.
DOu3udeCKui CMBICH 3HAYCHUS CTCIICHU BEPILIMHBI y3J1a rpada.

DOu3udeCcKui CMbICI 3HAYECHUS CTEIICHU OJIM30CTH y3Jj1a rpada.

10 DOu3ndeCcKu CMBICI 3HAYCHUS CTCIICHU MOCPEIHUYECTBA y3a rpada.

11. ®du3nyecknii CMbICI 3HAYECHUS CTENEHU BIIMATEIBHOCTH y3J1a rpada.

O 0 N AW N

2. JK3aMEH

BonpocChkl Ha DK3aMEH:
Data Mining Essentials
1. Data Types, Data Quality and Data Preprocessing.
2. Supervised and Unsupervised Learning.
Introduction to Web data mining




OuneHoYHbIe MEPONIPUATHSA IIpyMepbl TUNIOBBIX KOHTPOJIBHBIX 3aIaHUM

3. Web Mining Basics: difficulties, stages, main problems.
4. Web Structure Mining.
5. Web Usage Mining.
6. Web Content Mining.
Social Media and Social Mining
7. Challenges for Mining
8. Social Mining Tasks
9. Web Scraping
Social Media Mining: Nodes, Ties and Influence
10. Degree Centrality and Closeness Centrality
11. Betweenness Centrality and Eigenvector Centrality
12. Strengths of ties. Analyzing network topology.
13. Strengths of ties. Learning from user attributes.
14. Strengths of ties. Learning from user activities.
Social Media Mining: Community Detection and Evaluation
15. Node-centric community detection
16. Group-centric community detection
17. Network-centric community detection
18. Hierarchy-centric community detection
19. Community evaluation

Information Diffusion in Social Media
20. Herd Behavior
21. Information Cascades
22. Diffusion of Innovations
23. Epidemics
Influence and Homophily
24. Measuring and Modeling Influence
25. Measuring and Modeling Homophily
26. Distinguishing Influence and Homophily
Recommendation in Social Media
277. Classical Recommendation Algorithms
28. Recommendation Using Social Context
29. Evaluating Recommendations
Opinion Mining and Sentiment Analysis




OuneHoYHbIe MEPONIPUATHSA IIpyMepbl TUNIOBBIX KOHTPOJIBHBIX 3aIaHUM

30. The Problem of Opinion Mining
31. Document Sentiment Classification
32. Sentence Subjectivity and Sentiment Classification
33. Aspect-Based Opinion Mining
34. Opmion Search and Retrieval
35. Opmion Spam Detection
Web Usage Mining
36. Data Modeling for Web Usage Mining
3’7. Discovery and Analysis of Web Usage Patterns
38. Recommender Systems and Collaborative Filtering
Web Crawling
39. Breadth-First Crawlers. Preferential Crawlers.
40. Universal Crawlers
41. Focused Crawlers
42. Topical Crawlers
Behavior Analytics
43. Individual Behavior Analysis
44, Collective Behavior Analysis

5. Meroauyeckue YKa3aHUs 110 MPoueaAype OleHUBAHUSA

OueHoyHble MEPONPUSITHUSA IIpoueaypa npoBeaeHUsI OLIEHOYHOI0 MEPOIIPUATHUS U HEOOXOAUMBbIE METOANYECKHE YKA3ZAHUS

1. 3amuTa J1adopaTopHOM PadOTHI y
e OtueT no 1a0OPATOPHOU PAdOTE COACPKUT MH(POPMALIMIO O pe3ybTaTaX padOThl MarucTpaHTa B

X0JI€ JTJa0OPaTOPHBIX PA0OT B COOTBETCTBUM C 3aJaHUCM.
e J[ys 3amUTHI TA00OPATOPHOM PAa0OTHI CTYJACHT MOJy4YaeT AJIsl OTBETA 2 BOIIPOCA, KOTOPHIE BKIKYAKOT
3HAHHUE TCOPETUYECKUX OCHOB IIPUMECHSIEMBIX B pa0OTE METOIOB.
Kpurepuu OLICHKU:

— IIporpaMMHBIN KOJI KOMIMJIMPYETCS, 3aJaHUE JIa0OpaTOpHOU paOdOThI BEINOJIHEHO — 50% OT
MAaKCHMAaJIbHOH OIICHKH.

— IIporpaMMHBIM KOJ COOTBETCTBYET KPUTEPHUSAM XOPOIIO JOKYMEHTUPOBAHHOTO Koda — 10% ot
MAaKCHMAaJIbHOH OIICHKH.




OuneHoyHbIe MEPONIPUATHUS

IIpoueaypa npoBeeHUs OLIEHOYHOT0 MEPONIPUATHA U HEOOXOAUMbIE METOANYECKUE YKAZAHUSA

3nanue reopun — 40% 0T MAKCUMaJIbHOU OLICHKH.




